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My Journey to Health IT




The Macroenvironment:

U.S. spends more on healthcare and less
on social support services than other
countries ...

With worse health outcomes
Healthcare costs keep rising

Massive changes, increasing complexity
Cost and quality are connected

Provider burnout






Change is necessary



Delivery System Reform: Better, Smarter,
Healthier
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Learning Health System

Research and Public Health Databases

~_
L

Bench Research

Vision for
Learning Health '
Ecosystem

Provider EHRs

-
* Hospital
Diagnosis X- * Academic Med Center Patient Reported Data
Prescriptions Rays * Small Practice e Caraa
Labs * Veterans Affairs
* Behavioral Health

* Long-term Services and Supports

* NIH/Grantees
e CDC/Public Health
e FDA/Pharma

Qoo

Consumer App




The NEW ENGLAND
JOURNAL of MEDICINE

HOME | ARTICLES & MULTIMEDIA =~ | ISSUES ™ | SPECIALTIES & TOFPICS = | FOR AUTHORS = | EF_CIIE >:'Z-

SOUNDING BOARD

Transforming Evidence Generation to Support Health and Health
Care Decisions
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Making better choices about health and health care requires the best possible evidence.
Unfortunately, many of the decisions made today in our health care system are not supported by
high-quality evidence -4 derived from randomized, controlled trials or well-designed observational
studies. But as rich, diverse sources of digital data become widely available for research and as
analytical tools continue to grow in power and sophistication, the research and health care
communities now have the opportunity to quickly and efficiently generate the scientific evidence
needed to support improved decision making about health and health care.

The pursuit of high-quality, data-driven evidence in no way detracts from the importance of expert
opinion and qualitative information as a complementary source of knowledge to inform policy
decisions or population and individual cheoices; in fact, it enhances it. However, we believe there is
an opportunity to use qualitative methods to supplement high-quality quantitative data with a more
focused approach.

Prompted by President Barack Obama’s Precision Medicine Initiative® and Vice President Joe
Biden’s Cancer Moonshot,© the leaders of the federal health agencies are seeking unprecedented
collaborations among agencies involved in biomedical research and health care delivery with regard
to data sharing, research infrastructure, and computational capabilities. Such collaborations require
combining expertise and resources and will entail substantial changes to the culture of clinical
research, interactions between providers and patients, and the ways in which health systems,
clinicians, and patients work together with the clinical research community to create a new




Technology: An important
tool






Artificial Intelligence vs. Machine Learning

* Natural Language
Processing

* Image/Pattern
Recognition

 Neural Networks
« Ensemble

* Predictive analytics
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Population Health Approach

No “One Size Fits All”’ Solution

approach to address A
individual barriers
* Focus on patients

Intervention

* Need a personalized

0+S

 Tie reimbursement to
. (QUALITY) (SERVICE)
keeping people well V —

(COST)




Use Data and Analytics to Get AHEAD of
Catastrophic Events

What should we do about it?

What’s going to happen? O

What’s happened? @ Prescrl ptlve
Predictive
v

Descriptive
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Natural Language processing on Customer Service
and Care Management Call Notes or Transcripts
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oroving Prediction of Inpatient Events

A predictive model was developed on members with selected chronic
conditions (CAD,CHF,DIAB,HYPTN,ASTHM,COPD) to predict the likelihood
of inpatient hospitalization in the next six months.

Improved timeliness of recent adverse events
Condition-specific models
Enhancements — lab results, social determinants of health, timelier data, etc.
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« “12+3’ model achieved 87% improvement over commercially available

models in predicting hospitalizations 16
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Analytics-Driven Clinical
Strategy

Employer Plan

Onsite Community
Nurse Nurse
l.%l Ml
Al & Machine Lea

flO »cn
H § L e

Pro dPrt s Interventio

%
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for example

Develop and Execute Tactics/
Clinical Interventions

&



Outpatient Home Monitoring: Hypertension

potential
readmission

metrics
scrubbed
thru
condition
specific
algorithms

—_— —
high risk
- patients

patients intervened

stratified by

by risk medication

status adjustment
and/or
outpatient
visit




Standardized Program Evaluation

Target Population
—

Identify Test

: (Par) Group
Define Study

Population
and Time
Window

Control

Adverse Events,
Medical Cost etc.

Clinical and

Financial
Metrics

Difference in

/
/
L/
‘_v—'
treatment effect
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Difference
Analysis

Program

Impact
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HTN Digital Initiative

Blood Pressures changes at 3 and 6 months
-- Par group with uncontrolled BP (=140/90 mmHg in baseline period)

The distribution of both systolic and diastolic BP shifted towards left (lower) side

40 A - O Systolic_0m ——
. . O Diastolic_0 . -
DIaSto"c BP: mmHg O D:zit;:z:gm SySt0|Ic BP: mmHg O Systolic_3m
O Diastalic_6m O Systolic_&m
Month |BP Mean  |Change 40 |Month |BP Mean  |Change
oM 83.4(N=35) NA oM 145.4(N=35) NA
a3 M 77.2(N=25) 6.2 3 M 131.3(N=25) | -14.2**
6M  [76.20N=27) | 7.2/, 6M  [134.3(N=27)| -11.1*
30 -
Baseline
£ Month 0
o 20
o 20
107 10 -
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« The average BPs of Par group decreased at 3 and 6 months after enrolled in HDMP. The
decreases of systolic BP were statistically significant.
*  51.4% of ‘uncontrolled’ members had the BP controlled at 6 months.
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Healthcare is about what
happens between visits.



Emphasize Quality

There are

neighborhoods in
NOLA with lower
life expectancies
than Afghanistan!

WHY?!
Poverty, disparity,
SOCIO-economics.

What Goes Into Your Health?

Socloeconomic Factors

(@) @ (») @) @)

uuuuuuuuu
‘ tttttttttttttttttt
sssss
Al:Physlcal Environment

Health Behaviors

——@.®.

ooooooooooooooooooooooo
eeeeeeee

20% Health Care

Access to Care
Quallty of Care

23



Social Determinants Put LA 50th

Neighborhood
and Built

l Environment .
¢ \ I Health and
) Health Care

Social and
Community

M____,_w"; Context

 Louisiana ranks
average or above in
clinical care measures -

* Butis below average on
social measures!

* Poor rankings on
poverty, obesity,
environment, income,
etc. put us 50th
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When you go out in the world, hold
hands and stick together.
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Behavioral Science

“People are human”
- Washington 2019

» Bias toward the present

» Overestimate future success

* Influenced by group behavior

» Gravitate toward the easy path

* Not analytical in decision making



Behavioral Science
Techniques

Make the right
path the easy
path

Harness social
awareness to
create norms

Apply strategic
framing to spur
action

Structure
financial
elements to
nudge behavior

Powered by VAL Health
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Before and After: Care Management
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Call to Action

» Consider fundamental change
* Access the avalilable tools

» Recognize that community is
central to health

* Meet people where they are



Discussion
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